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Fiqure 2: The AtomNet® virtual screening approach. AtomNet® technology uses deep convolutional neural networks (DCNNSs) similar to
those employed in image recognition and computer vision technologies but adapted for structure-based drug design and discovery. Trained

on large data sets, comprising several thousand different protein structures and millions of protein-ligand binding affinity measurement, these ACkn OWIedgementS
DCNNSs can systemically and efficiently learn optimal model parameters for performing robust predictions and finding small molecules that

specifically bind to a protein of interest. » This work was funded in part by an Atomwise AIMS award (A19-452). The authors greatly acknowledge financial and scientific
support provided towards this project.
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